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Abstract

Socially responsible investments may offer investors higher returns because of the perceived lower risk and thus associated
cost (monitoring, litigation, etc.), although it might also be less profitable as posited by proponents of the Efficient Market
Hypothesis where higher risk is compensated with higher returns. Corporate governance (CG) - one of the key components in
socially responsible investing - has been extensively studied for evaluating its relationship with firm performance. In this paper,
we extend prior literature by exploring the investment performances of two distinct portfolios built using strong versus weak
corporate governance firms. We contribute by investigating the value of corporate governance (or lack thereof) in formulating
portfolios. Using London Stock Exchange data for the period January 2012 through June 2018 and both ends of the quartile
spectrum from 2017 Good Governance Report, we optimize each portfolio based on their Sharpe criterion.

Our findings offer some practical and theoretical implications. Investors who are conscious about CG and attempt to maximize
Sharpe measure by investing in strong governance firms may face lower portfolio risk by foregoing higher returns. Whereas
reduction in value-at-risk midway onwards appears to suggest investment in companies with strong CG would less likely to
fail in the long run. Volatility and downside volatility results tell similar story. Indeed, from the agency theoretical perspective,
companies with strong CG would lead to lower agency cost (and risk) and better firm performance.

We find profitable outcomes for both portfolios, although out-of-sample, weak governance portfolio dominates in terms of
several key performance metrics.
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Hop C. M.

KaHanaaT eKOHOMIYHMX HayK, OCNIAHUK FPaHTy Ans icnamMCbKuX y4eHnx y ranysi ciHaHcis RHB,

kepiBHUK hoHay UMT, Manawnsiicekuin yHiBepcuTeT TepeHrraHy, Kyana Hepyc, Manaisis;

HayKOBWI CMiBPOBITHUK, IHCTUTYT CTpaTEriYHMX EKOHOMIYHMX AOCNiIOKEHD,

YHiBepcuTeT BikTopisa, MenbbypH, ABcTpanis

3asasi H. X. M.

KaHauaaT eKOHOMIYHMX HayK, CTapLUnin BUKnagad,

Manansincekunin yHiBepcuteT TepeHrrany, Kyana Hepyc, Manaingis

3icTaBneHHs onTUManbHOCTI NopTdeniB 3 peUTUHraMn KOpnopaTUBHOIO yNpaBliHHS:

npakTtuka CnonyyeHoro Koponiectea

AHoTauisa

CoujanebHo BignosiganeHi iHBECTULT MOXYTb 6yT1 6inbLU BUTIAHUMM, L0 06YMOBIEHO MEHLLUMIW PU3nKamu i1 nepeabdadvyBaHmMm
BuTpatamu. Pasom i3 TuM Taki iHBeCcTuUii MOXyTb 6yT! MeHL NpUOYTKOBUMMW, OCKINbKK, HA OYMKY MPUXUIBHUKIB rinoTeaun
e(PEeKTVBHOrO PUHKY, BUCOKWUI CTYMNiHb PU3NKY KOMMEHCYETbCA O6iflbll BUCOKOK MNpubyTKoBICTIO. KoprnopaTusHomy
yNpaBniHHIO SIK OQHOMY 3 KJT0YOBUX KOMMOHEHTIB CoLianbHO BifMnNoBiganbHOro iHBECTYBaHHSA NPeAcTaBHNKaAMM HayKOBUX Kin
6yn0 NpWAINeHO AOCTaTHLO yBaru Afs OLUiHKM NOro BMAuBY Ha poboTy dipM. [JaHa poboTa TakoX € BHECKOM Yy BUBYEHHS
OOCNiAXXyBaHOIro NMTaHHA 3 OrAsQY Ha Te, WO aBTopW CTaTTi BUSHAYWN GIiEBICTb OBOX Pi3HMX BUAIB nopTdenis, nobynoBaHnx
Ha npuHUMnax po6oTtu ipM, Lo NPaKTUKYIOTb Pi3HUIA CTYyNiHb KOPMOPAaTUBHOIO YNpPaBiHHS.

ABTOpK CTaTTi BpaxyBanu LiHHICTb KOPMOPaTUBHOIO YMNpasfiHHSA, a TakoX MOXXJIMBICTb MOro He3acTOCyBaHHS B MPOLECi
pO3pobku nopTdenis.

BukopucTtaswmn gari JIoHOoHCHKOT OHAOBOI GipXi, @ TakoXX KBapTanbHi NOKa3HUKM OOMNOBIAI Npo edeKTMBHe ynpaeniHHA
3a 2017 pik, aBTOpX [OCHIOKEHHA ONTMMI3yBann KOXXEH i3 OBOX BUAIB NMopTdenis, y3sBLWN 3a OCHOBY KpuTepin Lllapna.
Pesynstaty gocnigpkeHHs nokasytoTb, Lo obuasa Buan noptdenis MoXyTb NPUHOCUTK NpubyTok. Cnig, ofHak, Big3HaunTy,
wo B uinomy noptdenb 3i «cnabkum» KOoprnopaTUBHUM YNpasBfiHHAM € MNPIOPUTETHNM 3 ypaxyBaHHAM AESKUX KNHHYOBUX
XapaKkTepuCTUK.

Knro4voBi cnosa: onTnmisauis noptdens; KopnopaTtuBHe ynpasniHHS; koediuieHT Lllapna; iHopmaLiiHe cniBBigHOLLEHHS;
MakcManbHUA apoyaayH; koediuieHT CopTiHO; ynpaBniHHSA pu3nkamu.
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Hop C. M.

KaHamMaaT 3KOHOMUYECKUX HayK, NCCnefoBatenb rpaHTa Ans UCNamcKnx y4eHbix B obnactun dunHaHcos RHB,

pykosoguTtenb oHga UMT, Manasuinckuii yHusepcuteT TepeHrrany, Kyana Hepyc, Mananaus;

Hay4HbIi COTPYAHWK, IHCTUTYT CTpaTernyecknux aKOHOMMYECKNX uccnegosaHuii, YHusepcuteT Buktopusi, Mens6ypH, ABCTpanus
3aBsasu H. X. M.

KaHanaaT 3KOHOMUYECKMX HayK, cTapLumin npenofasaTenb, Manasuinckuin yausepcuteT TepeHrrary, Kyana Hepyc, Manainaus;
ConocraBneHne oNnTMManbHOCTU NopTdenent ¢ penTMHraMmyn KOprnopaTuBHOIro ynpaBieHUs:

npaktuka CoeauHeHHoro KoponescTBsa

AHHoTauusa. CoumnanbHO OTBETCTBEHHbIE MHBECTUUMM MOMYT ObiTb 605ee BbIrOAHbIMU, YTO OOYCMNOBIEHO MEHBLUUMK PUCKaMU
1 6onee NPOrHO3NpPyeMbIMn U3gepxKkamu. Bmecte ¢ Tem Takue MHBECTMLMM MOTYT ObITb MeHee NpuObIILHBIMU, MOCKObKY, MO
MHEHWIO CTOPOHHUKOB MMMNoTe3bl 3P(hEKTUBHOIO PbIHKA, BbICOKas CTEMEHb PUCKA KOMMEHCUPYETCS 6osee BbICOKOW [LOXOQHOCTbLIO.
KopropaTvBHOMY ynpaBneHnto Kkak OAHOMY W3 KIIHOHYEBbLIX KOMMOHEHTOB COLUMANbHO OTBETCTBEHHOINO WMHBECTMPOBAHUSA
NpeacTaBnTENsaMM Hay4HbIX KPYroB Obiio YAeneHO [OCTaToYHOe BHMMaHWe B KOHTEKCTE OLIEHKM ero BAvSHWA Ha paboTy
vpm. JdaHHas paboTa Takxe ABMAETCS BKIaOAOM B M3YYeHMEe UCCedyeMOro BOMpoca, Tak Kak aBTopbl CTaTbyl OMNpenenvnv
OeViCTBEHHOCTb ABYX PasfUyHbIX BMOOB NopTdenel, MOCTPOEHHbIX Ha MpUHUMIax paboTbl hMpM, NPaKTUKYOWMX PasfinyHyo
CTENeHb KOPMOpPaTMBHOrO ynpasneHns. ABTOpbI CTaTby Y4y LIEHHOCTb KOPMOpPaTMBHOMO YNPaBMEHNSs, a TakXXe BO3MOXXHOCTb
€ro oTCyTCTBUSA B npouecce paspaboTku noptdenen. Vicnonb3ys gaHHble JIoHAOHCKOW hoHOO0BOM 6UPXKM 3a nepuopg, ¢ sHBapst
2012 roga no uoHb 2018 roga, a Takxxe KpaviHue KBapTasbHble NokasaTeny goknaga o6 agpdektnsHom ynpasneHunn 3a 2017 rog,
aBTOpPbl UCCNEOOBaHNSA ONTUMU3NPOBANN KaXKapl U3 OBYX BMOOB NopTdenen, B3sB 3a ocHOBY kpuTepui LLlapna. Pesynbratol
nccnegoBaHns NokasbiBatoT, 4To 06a BuAa noptdenert MoryT NpuHocuTb Npubbinb. CnegyeT, 0OgHaKo, OTMETUTb, YTO B LIEIOM
nopTdesb Co «cnabbiM» KOPNOPaTUBHbLIM YNpaBieHNEM SBNSETCA MPUOPUTETHBLIM C YHETOM HEKOTOPbIX KITIOYEBbLIX XapakTEPUCTUK.

KnioueBble cnosa: onTtyMusauust nopTdens; kKoprnopaTuBHoe yrnpasneHue; KoaddwuuneHT Llapna; wnHdopmaumoHHoe
COOTHOLLEHVE; MakcMManbHbIin gpoyaayH; KoadduumeHT COpTUHO; ynpasneHne prckamm.

1. Introduction

Demand for socially responsible investment (SRI) has
seen a tremendous growth. It is a big business. As reported
in Forbes and The Edge Markets, such funds account for over
USD 28 trillion in global assets under management [1-2]. Nu-
merous mutual funds have been developed with socially re-
sponsible objectives. In this connection, indices have been
built for gauging such quality among companies, including
the KLD Global Sustainability Index, the FTSE4Good Index for
Global Portfolios and the ASEAN CG Scorecard. Key to the
SRI principle is the use of environmental, social and gover-
nance (ESG) factors in making investment decisions. The em-
phasis of our paper is on corporate governance (CG), which
is the most significant area of the three (as extrapolated from
Scopus database based on abstract, keyword and title on
each relationship with firm performance and/or stock returns).
However, debate continues about the benefits of incorpora-
ting these non-financial factors in stock selection or portfo-
lio formation process. Moreover, existing literature focuses on
simple firm performance measures (e.g. Tobin’s Q, return on
equity, earnings per share, etc.) and pays little attention to the
use of sophisticated evaluation metrics.

In this article, we provide evidence on the effect (or lack
thereof) of good CG practice on investment performance
using portfolio optimization approach. A considerable number
of previous studies documented a positive relationship bet-
ween CG and investment performance. This generally sug-
gests that strong CG practice leads to sound investment and
financing decisions among firms and thus considered favou-
rable by investors. With this in mind, we develop two distinct
portfolios based on strong CG-rated firms and weak ones,
both optimized on the basis of their reward to variability as
denoted by the Sharpe ratio.

Rather than testing CG as an optimization criterion, e.g.
objective function or decision variable in finding a capital al-
location plane, we attempt to evaluate and validate if portfo-
lio based on strong governance firms can outperform that of
weak ones. This has direct implication for Modern Portfolio
Theory and investors who wish to gain acceptable risk-return
trade-off but is also concerned with SRI based on firm-level
CG practice. While prior studies in CG and firm performance
focus on standard firm performance measures, we contribute
by exploring more sophisticated portfolio metrics, including
downside volatility, value-at-risk, Sharpe ratio, Sortino ratio,
information ratio and maximum drawdown.

2. Brief Literature Review

Modern Portfolio Theory introduced by Markowitz in
1952 [3] has revolutionized the investment management land-
scape and propagates multitudinous studies on portfolio di-
versification, for example [4-11]. While it is based solely on
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risk and return, other qualitative or quantitative factors for
building an investment portfolio can likewise be considered
important. In 1972, Moskowitz highlights the need for selec-
ting socially responsible investment [12]. While theoretically
CG is considered to drive good firm performance, stock or
portfolio returns and optimal weights, as shown from seve-
ral studies [13-15], some argue otherwise [16-17]. According-
ly, there is no consensus for such linkages, with existing em-
pirical research remains inconclusive. The value of CG within
portfolio management context is thus debatable and explored
in this paper.

3. The purpose of this article is to compare the invest-
ment performance of two distinct portfolios, each built on the
basis of either good or bad CG rated firms. Because the idea
of portfolio diversification chiefly depends on market efficien-
cy and the best asset allocation along the Pareto optimal front
that can yield highest return for a given level of risk (or lowest
risk given return), we formulate our portfolios of stocks in the
London Stock Exchange i.e. a developed stock market and
thus deemed efficient, and explore their merits using a variety
of performance metrics. We utilize CG quartiles as described
in the recent 2017 Good Governance Report (GGR) by the In-
stitute of Directors (2017) [18] to discriminate between top (Q1)
and bottom (Q4) CG companies. Accordingly, we optimize
each portfolio from both ends of the spectrum by maximizing
its Sharpe ratio in-sample for out-of-sample analysis.

4. Results

The GGR ranks 103 largest companies listed on the Lon-
don Stock Exchange as of 31 March 2017. The top quartile
consists of 25 companies although the bottom one comprises
of 28. To alleviate disparity and potential outperformance of
one portfolio over another due to higher N and greater diver-
sification benefit (rather than because of better governance in
the sample), we eliminate three firms and only include the lo-
west 25 firms in Q4. Accordingly, we form two distinct equal-
ly-sized portfolios: Top 25 (Q1) and Bottom 25 (Q4).

In exploring out-of-sample investment outcome between
Top 25 (T25) and Bottom 25 (B25) portfolios, we partition the
whole sample into two non-overlapping subperiods. We re-
serve 90% for training i.e. optimizing the distinct sample port-
folios while the remaining data is maintained for testing. As
such, in-sample period spans 1 January 2012 to 31 October
2017, while out-of-sample period is from 1 November 2017
to 30 June 2018. The in-/out-of-sample window reflects an-
nouncement date of the 2017 GGR in October, allowing our
simulation to realistically incorporate such event while mitiga-
ting look-ahead bias. Weekly stock prices are extracted from
Thomson Reuters Eikon database. Figure 1 shows the best
and worst CG portfolios during the in-sample period. As can
be seen, the log returns for weak CG constituents are more



dispersed which generally suggests higher uncertainty among
them. Table 1 and 2 show the correlation matrices for T25 and
B25 portfolios, respectively.

As computed from Table 1 and Table 2, average correla-
tions of only 0.23 (0.29) for the T25 (B25) portfolio indicate that
overall component stocks are weakly correlated and thus in-
vestment pool of these firms provide diversification benefit in
reducing non-systematic risk. Nonetheless, although these fi-
gures show potential advantage for asset allocation, prior lite-

MONEY, FINANCE AND CREDIT

rature documents that estimation error can present itself when
dealing with portfolio optimization problem [6-7]. One way to al-
lay such error is by setting upper and lower bound constraints
when optimizing the allocation of each asset or stock [6], and
we apply this for each individual stock in both quartile portfo-
lios. From the practical viewpoint too, it is unwise to allocate ex-
cessively small (large) portion of capital into an individual stock.
This can have negative implications towards portfolio structure,
risk exposure, trading (monitoring) cost, etc. Hence, similar

Note: Top (bottom) chart denotes the log returns of the T25 (B25) portfolio during the in-sample period.

Fig. 1: Portfolio returns
Source: Computed and elaborated by the authors
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to [6-8], we set a limit of 1% floor and 10% ceiling constraints. where:
Our portfolio optimization problem can be described as: SR denotes the Sharpe ratio;
U, is mean return of the portfolio;

M, =1, 7y indicates risk free rate;
max SR =—+——, (1) o, represents portfolio volatility;
o, w; is the weight of stock 4;
l;is the lower bound of 1%;
N u; is the upper bound of 10% for each stock.

. We assume zero risk free rate since our portfolios are ful-
subject to Z w; =1 and I <w, <y, @) 1y invested in stocks and no attempt is made to allocate ex-
i=1 cess cash elsewhere. Our portfolios are dynamic. Weights

Tab. 1: T25 portfolio correlation matrix

Source: Compiled by the authors

Tab. 2: B25 portfolio correlation matrix

Source: Compiled by the authors
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are continuously rebalanced at each interval (weekly) to re-
turn to their optimal proportions.

By maximizing the risk-return trade-off in Equation 1, we
generate the efficient frontiers as exhibited in Figure 2. It is
obvious that portfolio of firms with strong CG outperforms
that with weak CG. Put another way, T25-based sets of port-
folios would yield higher returns for any level of risk (and
lower risk for any given return) as compared to those con-
structed from B25 firms. Because risk in this context is de-
fined as standard deviation, i.e. total risk, we also explore
value-at-risk via block bootstrapping of the portfolio log re-
turns to increase precision, by running over 20,000 simula-
tions based on empirical distribution. The result is shown in
Figure 3.

Briefly stated, we expect greater value-at-risk for B25
portfolio as time and confidence level increase. However, the
outcome for T25 portfolio is quite striking; lower risk is ex-
pected over longer period. There are two possible explana-
tions. First, such outcome may suggest strong properties of
CG in mitigating risk and thus potential losses for long-term in-
vestment, consistent with the timeframe for CG-based funda-
mental analysis. Second (and an alternative) viewpoint might

MONEY, FINANCE AND CREDIT

Fig. 2: Efficient frontiers
Source: Computed and elaborated by the authors

Note: Top (bottom) chart represents the T25 (B25) portfolio. The three axes for each chart portray VaR, period and confidence level, respectively.

Fig. 3: Portfolio value-at-risk
Source: Elaborated by the authors
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suggest that the results are based on the empirical distribu-
tion which does not consider fat tails and asymmetry in return
distribution and thus does not accurately reflect value-at-risks
of the portfolios. In any event, expected value-at-risk for T25
is noticeably lower as compared to B25 portfolio. For exam-
ple, based on the whole simulation period and at 0.01 signifi-
cance level, T25 (B25) portfolio is exposed to 4.54% (9.01%)
value-at-risk.

Table 3 displays the in-sample and out-of-sample out-
come for both portfolios. It is apparent that T25 outperforms
B25 portfolio in-sample, while out-of-sample analysis favours
the latter despite some outperformance from the good go-
vernance-based portfolio. In the holdout period, the strong
CG portfolio is exposed to lower volatility (12.26%), down-
side volatility (12.84%) and value-at-risk (3.23%). For the re-
maining metrics however, the weak CG portfolio produces
better performance with higher Sharpe (0.58), Sortino (0.51)
and information (0.52) ratios, although maximum drawdowns
(around 7%) are very similar (identical figures in the table are
due to rounding).

Tab. 3: Portfolio performance

Note: The table depicts in-sample (1 January 2012 to 31 October 2017) and
out-of-sample (1 November 2017 to 30 June 2018) performance for the T25 and B25

portfolios.
* (**) indicates better in-sample (out-of-sample) performance.

Source: Computed and elaborated by the authors

Figure 4 shows both portfolio drawdowns during the
holdout sample phase. The greatest peak to valley de-
clines for both portfolios occurs in the year 2018. Although
the largest declines happen during different months, local
peakedness (not in the statistical sense) appears some-
what positively correlated and concentrated throughout the
January-May period. This observation is not shocking. Asia,
Europe and United States markets saw episodes of mas-
sive plunges during this time - including USD 4 trillion los-
ses in the world stock markets in just few days. Such losses
were caused by US-China trade war, trade disputes, Brexit,
among others, and these led to some damaging conse-
quences on the performance of global equity markets, in-
cluding London Stock Exchange. With such concerns, her-
ding behaviour and behavioural bias of overreaction may
also played parts in the selling pressure, further pushing
prices (and therefore returns) down.

In a nutshell, our findings suggest that while the opti-
mized strong CG portfolio underperforms its weak CG coun-
terpart in many of the performance metrics, most of its dis-
crete risks are slightly lower. Remar-
kably, when both returns and risk-re-
turn trade-off are considered, invest-
ment portfolio constructed from weak
CG-rated components is actually su-
perior with over 3% in return diffe-
rences and better reward to variabil-
ity across all key metrics.

5. Conclusion

In this article, we have construc-
ted two distinct optimal portfolios
(in-sample) based on either strong or
weak CG. We have compared and con-
trasted their performances during in-
and out-of-sample periods. In short,
the strong CG portfolio outperforms
the weak one in-sample, although it ge-
nerally underperforms out-of-sample.
Despite better results from risk-based

Note: Overlaid chart represents the T25 (green) and B25 (red) portfolios during the out-of-sample period.

Fig. 4: Portfolio drawdowns
Source: Analysed and described by the authors
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measures in isolation, T25 portfolio yields lower return while
higher risk per unit is needed to produce a unit of return, in
contrast to B25 portfolio.

Our findings offer some practical and theoretical impli-
cations. Investors who are conscious about CG and attempt
to maximize Sharpe measure by investing in strong gover-
nance firms may face lower portfolio risk by foregoing higher
returns. Whereas reduction in value-at-risk midway onwards
appears to suggest investment in companies with strong CG
would less likely to fail in the long run. Volatility and down-
side volatility results tell similar story. Indeed, from the agen-
cy theoretical perspective, companies with strong CG would
lead to lower agency cost (and risk) and better firm perfor-
mance.

There are several theoretical explanations for our fin-
dings. A comparison of the two results suggests that the
London Stock Exchange might not be weak-form efficient
thereby refutes Modern Portfolio Theory in this market, be-
cause of the inconsistencies between risk-return trade-off.
In other word, if the market is efficient, higher return is at-
tributed to higher risk, but this is not the case in-sample (al-
though the argument is valid out-of-sample). One possibi-
lity is such risk is not properly captured by market partici-
pants. While the developed markets have traditionally been
considered efficient, some studies show that the Australian
and the US markets might not be fully efficient [19-20], and
similar is the case with the UK market [21]. This is in line
with prior findings related to CG [16-17]. Though, focusing
on a specific case study and with a relatively small sample
size, caution must be applied in interpreting the theoretical
inference. Our findings might not be extrapolated to other
firms, CG items and specifications, portfolio selection prob-
lem, stock markets or time periods.
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Our research has thrown up many areas in need of fur-
ther investigation. First, there is no «one size fits all» concept
whether in the current context or other fields of research.
Therefore, future studies can explore different CG aspects or
index in formulating optimal portfolios and comparison can
be made accordingly. Indeed, as argued in [22], CG itself is
abstract so incorporating construct validity in building indi-
ces can perhaps alleviate associated biases. Second, rather
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the empirical distribution. Further investigation can be made
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sion to account for both skewness and kurtosis in the re-
turns. Finally, we employ popular yet simple Sharpe criterion
to optimize our portfolios. More sophisticated methods such
as Black-Litterman model [23-24] can thus be utilized.

Overall, our empirical findings using Sharpe measure do
not suggest optimal portfolio based on strong CG consti-
tuents is more profitable in relation to its weak CG counter-
part. This is not to say CG is not important; in fact it might be
for socially responsible and conscious investors who look
upon good CG practice itself as their investment goal. Ho-
wever, from the monetary perspective, one cannot expect
good CG guarantees good return. Future studies can reas-
sess its use in asset allocation by incorporating suggestions
discussed earlier.
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